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Abstract This paper proposes a concept for modeling modalities and
understanding the interaction between modalities through functional
brain modeling (FBM). FBM proves to be a powerful method for functional behavior prediction of a group of neuronal cells with equivalent
functional behavior. An example of interacting groups of neuronal cells,
utilizing FBM, in early vision is given. A broad setup of functional behavior and interaction between different groups of cells in early vision
has similar conceptual properties as cells that process other sensory information or multi modal sensory information.
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Introduction

Currently the chemical, biological, and functional structure and behavior of neurons are well understood. Nowadays desktop computing power also exceeds that
of a fly’s brain. Nevertheless there is no model or robotics system that is able
to completely simulate its behavior. We propose to process sensory or cognitive
data by functional brain modeling (FBM) to achieve better functional abilities
than with existing simulations.
The aim of FBM is not to make a model of the brain on neural level from
biological, electronic, chemical, and physical microscopic (molecular) level, but
merely to model the functionality of a group of cells or even a complete area that
have equivalent or similar functional behavior, and give the interaction between
groups with different functional characteristics on macroscopic level.
FBM is aiming to reveal functional interaction mechanisms between different
groups of neurons by simulation and predict behavior of cells in adjacent areas
in the brain. Physical recordings of single (or a small number) of neurons, in
practice, give a good insight in the functional behavior of a group of cells, but
due to physical restrictions not all parts of the brain can be explored that way.
Brain activity measurement methods, like EEG, fMRI, and PET, explain a lot
about the interconnectivity of different areas in the brain, but are too crude
to give detailed functional characteristics of a particular area or group of cells.
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Figure 1. Schematic overview of visual, auditory, and somatosensory pathways.
Adapted from [7]. Numbers and initials denote respective brain areas.

Functional brain simulations could be utilized to get a better insight in the
behavior of certain brain areas.
We hypothesize that sensory data is processed, as illustrated in Figure 1,
in a feedforward manner. Initially, the data in the stream is unimodal, but is
progressively getting more abstract and converging on multi modal sensory areas.
However, we suggest that the main importance of the hierarchy of the brain stems
from bi-directional processing3 based upon a brain architecture that consists of
both an archicortex and a neocortex, which will be outlined in Section 2. Section 3
gives an overview of different cells in early vision from functional perspective.
Section 4 shows, by example, how functional behavior of subsequent groups of
cells in the feed forward data stream of early vision can be predicted. The paper
finalizes with a discussion.

2

Integration of sensory areas

The cerebral cortex is anatomically divided into four (frontal, parietal, temporal, and occipital) lobes, and has functionally distinct regions. Most areas are
primarily concerned with processing sensory information or delivering motor
commands. Studies of afferent sensory pathways and association areas in the
cortex have lead to three important principles of sensory information processing
[7]:
1. Sensory data is processed in a series of relays along several parallel pathways
from peripheral receptors through primary cortex and unimodal association
cortex to the multimodal association cortex, see Figure 1.
3

Bi-direction processing incorporates feedforward and feedbackward mechanisms that
can be executed in parallel in multiple areas in the brain.

2. Sensory data representing different modalities converge upon areas of cortex
that integrate the data.
3. The posterior association areas that process sensory data are highly interconnected with the frontal association area responsible for planning motor
actions.
Unimodal sensory outputs converge on multimodal association areas in the
prefrontal, the parietotemporal, and limbic cortices. Neurons in these areas respond to combinations of signals representing different sensory modalities by
constructing an internal representation of the sensory stimulus concerned with
a specific aspect of behavior.
However, data does not converge to a single highly specialized area [23], therefore one can state that the feed forward sensory streams should be interpreted
as preprocessing for the cognitive brain areas, which include the archicortex and
neocortex, where data is processed in a bi-directional way. The main reason of
the hierarchy of the brain stems from bi-directional processing that consists of
both an archicortex and a neocortex. Preprocessed sensory data feeds both cortices in a parallel manner. Where the areas, illustrated at the bottom part of
Figure 1 can serve as input for the archicortex.
2.1

Feed forward data streams

Hubel and Wiesel did pioneering work in the cat’s striate cortex. They explored
various visual cortical areas with micro-electrodes and divided the recorded cells
into four distinct classes (center-surround, simple, complex, and hyper complex
cells) [5]. This division is based upon a building block architecture where centersurround type of cells form the input for the simple cells, simple cells in turn
form the input for complex cells, and so on.
Currently, a subdivision into four classes would not suffice anymore, since
many new types of cells have been found. FBM utilizes the concept of the building block architecture since it is very attractive from functional point of view.
The building block concept will result in groups of cells that are all responsible for one or few specific features. Feature extraction yields a strong reduction
of data (but moderate reduction of relevant information). Feature extraction in
turn requires a processing mechanism to combine the features. As data progresses
its representation is gradually becoming more abstract.
2.2

Bi-directional data streams

The human brain is evolved from the brain of other mammals having a special
brain structure: the neocortex, which provides us strong cognitive abilities. Animals not having a neocortex achieve their highest cognitive processing in the
archicortex [3]. The sensory pathways developed in the “old” archicortex are
still active in the primate brain. They can process multimodal sensory data and
provide basic cognitive skills, e.g., how to survive.
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Figure 2. Schematic overview of emotional stimulus processing, from [18].

The Amygdala, known as center of many emotional processes, gets its sensory inputs not only from the neocortex but also from hypothalamus, thalamus,
and brainstem [9,18], see Figure 2. Although the sensory input from thalamus
activates the amygdala faster than input from neocortex [10,13], the quality of
sensory processing is coarse because of the archicortex’s relatively poor neuronal
circuit. The fast and coarse poly-sensor processing in amygdala sending output
to both unimodal association cortex and multimodal association cortex could
be the top-down hypothesis on the feed-forward sensory stream to combine the
relevant processes in the cortex by bi-directional connections [22]. Additionally,
prefrontal cortex, anterior cingulated cortex, and hippocampus get input from
amygdala [1,2,15,18], and could serve temporally dynamic integration of the
neocortical processes.
Our aim is to utilize FBM to encapsulate the detailed neuronal interaction
to elucidate the above described complex interaction within the archicortex.

3

Functional behavior of cells in early vision

Complex cells respond vigorously to lines and edges, but also to grating patterns of appropriate frequency and orientation. This response to grating patterns seems an artifact. However, grating cells receive inputs from complex cells,
so therefore complex cells do respond to grating patterns too. Grating cells,
most likely, play a role in both texture processing and figure-ground segregation
[19,20,14]. From functional point of view it is expected that the complex type
of cells segregate into a grating type of cell and a complex type 2 type of cell
that responds solely to lines and edges. Latter type of cell will receive excitatory
input from the complex cells and inhibitory input from the grating cells.

A similar concept holds for junctions.4 Endstopped cells respond well to
all junctions (including line ends and corners), except to junctions where four
lines end [4]. A typical four-line-end junction is a crossing of two lines. In the
brain so-called crossing cells are found that respond to crossings only [16,17]. An
important question to be solved is why end-stopped and crossing type of cells are
found. It is expected that in one of the subsequent layers a junction type of cell
is found, i.e., grouping of end-stopped and crossing responses takes place there.
The junction type of cell responses is most easily obtained by a combination
of end-stopped and crossing type of cells. If junction type of cells are found in
one of the former layers, in the feed forward data stream, then it is likely that
end-stopped and crossing type of cells play a different role in subsequent layers.
Utilizing the building block principle to subsequent groups of cells in a feed
forward manner will at a certain moment lead to groups of cells that respond
to highly specific features. It is clear from functional point of view that these
cells, at a certain stage in the feed forward stream, will be fused to object like
entities. For example, in the inferior temporal cortex cells have been found that
strongly responding to face like stimuli [8].

4

Early vision simulation

Simulations of functional behavior of complex, endstopped, and grating cells
give clear hints of the existence of other types of cells. Figure 3a illustrates an
early vision simulation of complex, endstopped, and grating cells. The parameter
settings that are used for the complex and endstopped cells have size σ = 3.5,
wavelength λ = 1, spatial aspect ration γ = 1, and number of orientations N = 8.
For mathematical details of the complex and endstopped cells we refer to [11,21].
For the grating cells the following parameters are used: σ = 3.5, λ = 1, γ = 0.25,
and N = 8. Functional description and detailed properties can be found in [12].
Figure 3b is a synthetic stimulus that is created with the purpose to illustrate the need of strong interaction between different groups of cells. A grating
pattern is used to partly mask a rectangle, but the setting is made such that a
conflicting situation is created, i.e, until where the left vertical line belongs to the
rectangle. The lines of the upper right corner of the rectangle are extended with
the purpose to illustrate the behavior of endstopped cells. An early vision simulation (Figure 3a) using the input image of Figure 3b yield the results illustrated
in Figure 4.
Complex cells respond to lines and edges of a specific orientation. In Figure 4a
the results of a superposition of all N orientations of complex cells is illustrated.
Since a grating pattern is made up of a set of alternating stripes, complex cells
respond vigorously. From functional aspect such type of response is not desired
because of its redundant character. It would be far more attractive to only have
the boundaries of the grating pattern and to mark the interior as grating texture.
The fact that grating cells make up around 4 and 1.6 percent of the number
of cells in monkey areas V1 and V2 [20], respectively, indicate that these cells
4

A junction is a spatial coordinate where one or more lines or edges end.
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Figure 3. a) Early vision feedforward data processing network. The network includes
simple, complex, endstopped, and grating cell responses. Complex type 2 cells respond
strongly to edges and lines of a preferred orientation, while proposed junction cells
respond strongly to all types of junctions. b) A synthetic input stimulus.

a)

b)

c)

d)

Figure 4. Responses of complex cells, grating cells, complex cells inhibited by grating
cells, and endstopped cells, a-d, respectively. White denotes strong response, black no
response.

play a prominent role in form segregation. Grating cells are highly orientation
and frequency sensitive [19,20] which makes them most likely to be an inhibition mechanism for the complex cell responses rather than a texture processing
mechanism [12]. Figure 4c illustrates the results of this inhibition mechanism.
It is remarkable that the model for grating cells shows a slight drop in response
at positions where the vertical line of the rectangle is masked by the grating
pattern.
Endstopped cells respond to line ends, corners, and junctions, but not to
crossings [4]. The model for endstopped cells shows that this is the case (Figure 4d). However, from functional perspective it is desirable to have all junction
type of responses, as proposed in the feedforward data processing network of
Figure 3a. Crossing type or double orientation tuning type of cells have been
found in the cat striate cortex [16,17].

Endstopped responses also occur at the ends of the stripes in the grating
pattern, this is a non-desired effect to endstopped responses. Endstopped type of
grating cells have been found as well in monkey areas V1 and V2 [20]. It is likely
that endstopped cells are inhibited by grating-endstopped type of cells, resulting
in type 2 endstopped cells, and have excitatory connections with crossing type of
cells to yield responses to all types of junctions, which is illustrated in Figure 3a
as so-called junction type of cells.

5

Discussion

We proposed to process sensory and cognitive data by FBM. The aim of FBM
is not to make a model of the brain on microscopic level, but merely to model,
on macroscopic level, the functionality of a group of cells or even a complete
area that have equivalent or similar functional behavior, and give the interaction between groups with different functional characteristics. From functional
perspective the brain can be crudely divided into two types of data streams: a
feed forward (sensory) data stream and a bi-directional (cognitive) data stream.
The disadvantage of FBM is its relatively static nature due to functional
description and the assumption of data flow directions. The development and
learning capacities are not as flexible as in the brain. Most of the primary sensory
areas deal mainly with feature enhancement, extraction, and grouping. It is
therefore not expected that primary areas need to adapt quickly or strongly.
Hence, its sensory processing apparatus is doing similar work from functional
perspective. Experiments performed by Hubel and Wiesel [6] give evidence that
cat’s primary visual sensory area is developed during the first weeks after birth,
but at a later stage it hardly develops.
An early vision simulation utilizing FBM showed that resulting cell responses
give strong insight in interaction between different groups of neuronal cells and
one can predict the functionality of adjacent groups of neuronal cells.
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